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Purpose

This guidance note summarizes common data-quality risks in online human-subject recruitment—especially when participants are paid—and provides
practical screening and verification techniques for surveys and interviews. The emphasis is on reducing misrepresentation (e.qg., age, profession,

experience, diagnosis, or location) while remaining ethical and IRB-compliant.

Data-Quality Risks Screening Techniques Ethical Compliance
Common risks in online human-subject Practical screening and verification Reducing misrepresentation while remaining
recruitment, especially when participants are techniques for surveys and interviews ethical and IRB-compliant

paid



1. Why Misrepresentation
Happens in Paid Online

i

When human subjects are recruited by online data collection platforms like
CloudResearch and Amazon MTurk with financial incentives, some respondents may
attempt to qualify by exaggerating or fabricating eligibility details. This is not limited to

\ f\ any single platform; it reflects a basic incentive problem: if the reward is salient and the
- MW% eligibility gate is easy to guess, dishonest responding becomes more likely.
g : liT S>>
‘ = ' ‘@%?E@w E Empirical work has documented substantial variation in respondent quality and attention
%@W% on crowdwork platforms, and has shown that older "rules of thumb" (for example, relying

on a 95% approval rate alone) may no longer reliably protect data quality.




2. What Recent Resecdrch Suggests

Brief, actionable summary

Hauser et al. (2023) Shimoni & Axelrod (2025)

Evaluated CloudResearch's MTurk "Approved" participant group and Compared MTurk cohorts in 2024 and reported a large quality gap
found that it outperformed a standard MTurk sample and a "Blocked" between "Master" workers and non-master workers. Master workers
group across multiple indicators, including attention checks, reading almost never missed attention checks and showed higher within-subject
comprehension, consistency on reverse-coded items, and reliability of reliability and less straightlining.

classic experimental effects.
In contrast, both unrestricted workers and workers filtered only by a 95%

Their conclusion is that MTurk's approval-rate system is no longer approval rate missed many attention checks and showed low reliability;
sufficient by itself and that external vetting lists can meaningfully the 95% filter performed similarly to having no restriction in their data.

improve data quality.
Practically, this implies that screening design and participant pool

selection matter at least as much as (and sometimes more than) simple
platform reputation thresholds.



A Layered Approach

Together, these studies support a layered approach: select the best available participant pool (when feasible) and still build survey- and interview-level

verification that is harder to fake.

In light of this, it is advisable to implement certain proactive measures to counter this kind of threat against data quality.

1 2 3
Select Best Pool Build Verification Layer Controls
Choose the highest-quality participant pool Add survey- and interview-level verification Combine platform filters with custom

available on the platform that is harder to fake screening for maximum protection



3.1 Use a Two-Stage Screening Process

Do not rely on a single self-report eligibility question. A two-stage design reduces gaming by separating the public-facing screener from a deeper
verification step, and it allows you to identify inconsistencies before you invest time in interviews or full surveys.

Stage 1: Initial Screener (short, neutral)

e Demographics
e Core eligibility criteria
e Basic qualifying variables

Keep Stage 1 brief so that it is not exhausting and does not teach
participants how to "reverse engineer" your criteria.

Stage 2: Verification Screener (harder to game)

In Stage 2, ask related questions in different wording and focus on
behavioral details rather than identity labels. For example, instead of
asking "Are you a K-12 teacher?", ask questions that require real,

coherent specifics:
e What grade levels do you currently teach?
e How many years have you been teaching?

e What subject do you teach most often?

Fabricated identities often break down when the respondent must

provide consistent, domain-specific details across multiple items.



3.2 Use Indirect Behavioral QOuestions (Harder to
Fake)

People can usually fake an identity label (e.g., "teacher”, "nurse", "experienced user"), but many struggle to fake lived details in a way that is specific,
plausible, and internally consistent.

(JJ Example (Al in education). Instead of asking "Do you use Al tools in your classroom?", consider prompts such as:

Tool Usage Challenge Faced Student Response
Describe one Al tool you used in the last What was the biggest challenge you faced How did your students respond (one
month (name the tool and what you used it using it? concrete example)?

for).

Generic, shallow, or contradictory answers are useful red flags—especially when the respondent claims substantial experience.



3.3 Use Platform Fecatures and Higher-Ouality
Pools When Available

If you are recruiting through online panels, use the platform's built-in controls to reduce exposure to fraudulent respondents. Common options include pre-
verified demographic filters, custom screener logic, and quality filters based on prior performance.

Examples of helpful platform-level filters and tools:

o ©

CloudResearch (MTurk MTurk Masters Prolific / Other Panel
interface) If your design can tolerate a more Providers

Consider using the "Approved" group when experienced pool and your needed sample Use pre-verified demographics, approval or
appropriate, as research suggests it yields size is not enormous, consider the "Masters" reliability filters, and geographic verification
higher-quality data than standard MTurk qualification; recent evidence suggests it (where offered).

sampling. performs substantially better than non-

master cohorts.

() Even with better pools, do not skip verification. Treat platform filters as a first layer, not the only layer.



3.4 Add Attention, Consistency, and "Careless
Responding” Checks

Attention checks are most effective when they are varied, updated, and paired with consistency checks. Include more than one check so you can
distinguish an honest mistake from a pattern of inattention. Make the item compulsory so that they cannot evade the question.

Survey Examples Knowledge-Based Questions

1 Instructional check Knowledge-based questions can also work, but they can become
outdated and may disadvantage some populations. If you use them,

"Please select 'Strongly Agree' for this item." update them regularly and choose items that are stable during your data

collection window. Examples include:

2 Consistency check e Whois the current Vice President of the United States?

Measure the same construct twice using different wording « Whois the CEO of Spacex?

(including one reverse-coded item when appropriate).

3 Logicitem

Simple arithmetic or logic item (brief, low burden).




Attention Check Decision Rule

It is advisable to include at least two attention-check items. An incorrect response to a single item may reflect an honest mistake or a typographical
error rather than inattention. As a general rule, | exclude observations only when a participant answers two attention-check items incorrectly.

Interviews can also include consistency checks. For example, ask the same qualifying concept in two different places in the conversation. Predefine a
decision rule (e.g., flag cases that fail two independent checks) and apply it consistently.

2+

Minimum Checks Exclusion Threshold

Include at least two attention-check items per survey Exclude only when a participant fails two attention-check items



3.5 Use Metadata When Your Survey Platform

Provides It

Many survey tools provide paradata (metadata) such as timestamps and coarse location signals (e.qg., IP-based region). These fields are valuable for quality

control and can be analyzed without collecting unnecessary sensitive information.

Examples of practical use:

Timestamp / Completion
Time

If a survey realistically takes at least five
minutes, but a respondent completes it in

one minute, treat the case as suspicious
(speeding).

Iy

Location Checks

If eligibility requires residence in a particular
country (e.g., the U.S.), but the response
location suggests a different region, flag the

case for review.

lad

Response Patterns

Watch for straightlining (repeating the same
response option across many items) and
unusually low variability, which are

associated with careless responding.



3.6 Do Not Reveal the Exact Inclusion Criteria in
Public Recruitment Messages

If the recruitment message states the exact eligibility criterion, you will attract false positives who claim the targeted trait. Use broad, truthful wording in

public materials, and then screen privately.

Avoid Prefer
"Looking for people who experienced workplace discrimination." "Seeking professionals to discuss workplace experiences."

This reveals the exact eligibility criterion and will attract false positives This approach connects directly to the IRB balance between
who claim the targeted trait. transparency and data validity: you can be honest about procedures and
risks while keeping the exact eligibility gate private.




3.7 Consider Soft Verification When Justified and
Ethical

For some studies, a light verification step can deter misrepresentation. Any verification must be described in the IRB application, justified by study need,
and handled securely. Do not request sensitive documents unless there is a strong rationale.

£

LinkedIn Profile Link Institutional Emaiil

Optional LinkedIn profile link (for professional-role verification). Institutional email address (when appropriate for the target population).
Professional Membership Video-Based Interviewing

Proof of professional membership (only if necessary and minimally Video-based interviewing (e.g., Zoom) if identity consistency is important.

intrusive).



3.8 Manadge Incentives to
Reduce Dishonesty (Without
Underpaying)

Incentives should be fair, but you can reduce "gaming" by controlling how and when
incentive information is disclosed. When money is highly salient, some respondents
become more willing to misrepresent.

— Delay Disclosure

Delay disclosing the exact incentive amount until after eligibility is confirmed,
when platform rules allow.

— Neutral Framing

State: "Compensation will be provided upon completion," rather than emphasizing
a large dollar amount in the initial screener.

— Neutral Disqualification Language

Use neutral disqualification language (e.g., "You do not meet the criteria for this
study.") without telling participants exactly why they were screened out.




3.9 Plan for Attrition and Unusable Cases

Even with strong screening, expect a non-trivial share of respondents to fail verification, no-show, or provide unusable data. Build over-recruitment into
your budget and timeline (often 15-30%, depending on platform and target population).

15-30%
Over-Recruitment Buffer

Recommended over-recruitment percentage to build into your budget and timeline, depending on platform and target population



4. Documentation and Reporting

Helps with IRB and publication transparency

To support defensible decisions, write down your data-quality plan before launch: screening logic, exclusion rules, and how you will treat borderline cases.

=2 Y )

Write Down Your Plan Before Summarize Recruitment Report Cases Excluded for
Launch Sources and Filters Quallity Reasons

Document screening logic, exclusion rules, and When reporting results, summarize recruitment Report the number of cases excluded for quality
how you will treat borderline cases. sources, filters used (e.g., master qualification, reasons. This increases transparency and helps

vetted pools). reviewers interpret generalizability.



Summary of All Recommended

Countermeadsures
Two-Stage Screening Indirect Behavioral Platform Features

Questions Use built-in controls and higher-quality

Separate public-facing screener from
deeper verification Ask for specific, lived details rather than pools when available

identity labels

— o — — o0 —o0—

Attention & Consistency Metadata Analysis Private Eligibility Criteria
Checks Use timestamps, location signals, and Use broad public wording; screen privately
Include varied, compulsory checks; exclude response patterns

on two failures

—— —0— —0—

Soft Verification Incentive Management Attrition Planning

Light verification steps when justified and Delay disclosure; use neutral disqualification Build 15-30% over-recruitment into budget

ethical language and timeline
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For More Information

Explore additional resources by Chong Ho Alex Yu on data science, Al, and machine learning:

YouTube Channel on Data
Science and Al

YouTube Channel on Data Science and Al

Blog of Al and Machine
Learning

Blog of Al and Machine Learning

Profile on Google Scholar

Profile on Google Scholar
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Key Takeaway

Screening design and participant pool selection matter at least as much as—and sometimes more than—simple platform reputation thresholds. A

layered approach combining the best available participant pool with survey- and interview-level verification that is harder to fake is the most defensible
strateqgy for protecting data quality in incentivized online research.

Select Screen

Best available participant pool Two-stage, behavioral verification
Check Document

Attention, consistency, metadata For IRB and publication transparency

YouTube Channel on Data Science and Al [ Google Scholar Profile }



https://www.youtube.com/@datafrontiers/videos
https://scholar.google.com/citations?user=mdGny3EAAAAJ&hl=en

